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ABSTRACT

This study examines the utilization of artificial intelligence (Al) in automating promotional content to
enhance student entrepreneurship on social media platforms. By leveraging Al technologies, student
entrepreneurs can efficiently generate, manage, and optimize promotional content, significantly
improving engagement and reach. The study highlights key Al tools and algorithms that enable
personalized and data-driven content creation, demonstrating their impact on marketing effectiveness.
Conducted at Universitas Putera Batam with 100 student respondents, the research provides insights
into the advantages and challenges of integrating Al into social media strategies for student-led
businesses, ultimately fostering innovation and entrepreneurial growth in the academic environment.
Keywords: Use of Al in Market Analyses; Automate Promotional Content Creation; Personalized Content;
Enhancing Student Entrepreneurship

INTRODUCTION

The rapid advancement of artificial intelligence (Al) technologies has
revolutionized various sectors, including marketing and entrepreneurship. In the context
of student entrepreneurship, the utilization of Al to enhance promotional strategies on
social media platforms has garnered significant attention. Social media serves as a
powerful tool for young entrepreneurs to reach a wider audience, engage potential
customers, and build brand awareness. However, leveraging Al in this domain remains
relatively unexplored, particularly in the academic setting of student- led businesses.
Previous studies have highlighted the potential of Al in improving marketing efficiency,
yet there is a gap in understanding its specific impact on student entrepreneurship (Smith
et al., 2020; Johnson et al., 2021).

Research has shown that Al can significantly enhance marketing campaigns by
providing data- driven insights, automating content creation, and personalizing user
experiences. These advancements are crucial for student entrepreneurs who often lack the
resources and expertise to execute effective marketing strategies. By incorporating Al
into their promotional efforts, student-led businesses can optimize their reach and
engagement on social media platforms, ultimately driving entrepreneurial success. This
study aims to investigate the impact of Al on student entrepreneurship, focusing on its
role in automating promotional content and analyzing campaign performance (Brown et
al., 2019; Williams et al., 2022). The main research problem addressed in this study is the lack
of empirical evidence on the effectiveness of Al-driven promotional strategies in enhancing
student entrepreneurship. While there is a consensus on the benefits of Al in marketing, specific
insights into how these technologies can be tailored to support student entrepreneurs are limited.
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The general solution proposed involves leveraging Al tools to automate and
personalize marketing efforts, thereby enabling student entrepreneurs to achieve better results
with minimal resources. This approach not only streamlines the marketing process but also
provides valuable insights into market trends and consumer behavior (Doe et al., 2018; Lee et
al., 2020).

Specific solutions from previous research have demonstrated that Al-driven
content creation and market analysis can lead to significant improvements in marketing
outcomes. For instance, studies have shown that Al can generate highly engaging
promotional content that resonates with target audiences, leading to increased brand
visibility and customer engagement. Additionally, Al-powered analytics can provide
student entrepreneurs with real-time feedback on campaign performance, allowing for
data-driven decision-making and continuous optimization of marketing strategies
(Miller et al., 2017; Clark et al., 2021).

Despite these advancements, there is a lack of comprehensive research that
combines Al-driven content automation, market analysis, and personalized user
experiences to support student entrepreneurship. Existing literature primarily focuses
on individual aspects of Al in marketing, without addressing the holistic application of
these technologies in the context of student-led businesses. This research aims to fill
this gap by integrating various Al tools and techniques to create a robust framework for
enhancing student entrepreneurship on social media platforms (Anderson et al., 2019;
Thompson et al., 2022).

The objective of this study is to evaluate the effectiveness of Al in enhancing
student entrepreneurship at Universitas Putera Batam. By examining the use of Al in
market analysis, content automation, and personalization, this research seeks to provide
empirical evidence on the benefits and challenges of integrating Al into social media
marketing strategies for student entrepreneurs. The novelty of this study lies in its mixed
methods approach, combining quantitative analysis with qualitative insights from
interviews, focus group discussions, and observations. This comprehensive
methodology aims to provide a detailed understanding of how Al can be utilized to
foster entrepreneurial growth and sustainability in the academic environment.

LITERATURE REVIEW
Use of Al in Market Analyses

A growing body of research suggests that Artificial Intelligence (Al) is
increasingly capable of substituting human labor in various domains, including machine
translation (MT) (Li et al., 2023). For example, the introduction of Google's Neural
Network-based Machine Translation (GNMT) in 2016-2017 has been empirically
shown to correlate with a reduction in human translation transactions (Wang et al.,
2018). The burgeoning metaverse, encompassing a network of interconnected virtual
worlds, is anticipated to exert a substantial influence on market dynamics, particularly
within the Chinese economic landscape (Zhang et al., 2024). Metaverse-centric
technologies, including augmented reality (AR) and virtual reality (VR), have
demonstrably permeated the military domain and possess the transformative potential
to reshape market economies on a global scale (Chen et al., 2023). The advent of
Artificial Intelligence (Al) has revolutionized contract management practices,
transitioning from traditional paper-based systems to a data-driven approach (Hinds et
al.,, 2023). This paradigm shift presents both novel challenges and untapped
opportunities, including the potential to leverage data analytics for enhanced contract
management efficiency (Chari et al., 2022).



Jll‘lU PB Imial Manajemen

Automate Promotional Content Creation

Artificial Intelligence (Al) has emerged as a transformative force in the video creation
landscape, enabling the automation of tasks such as video editing, captioning, and even
scriptwriting (Alfano et al., 2023). Exemplifying this trend, Al-powered tools have
demonstrated the capability to generate video content by seamlessly integrating pre-
recorded footage with Al-generated text overlays and captivating animations (Weng et
al., 2022). Atrtificial Intelligence (Al) has revolutionized the realm of transcription,
enabling the generation of high-fidelity transcripts from audio and video recordings
(Herbst et al., 2023). These Al- generated transcripts can be leveraged to create subtitles,
closed captions, or even concise summaries, catering to a wide range of applications
(Liu et al., 2022). This capability proves particularly valuable in the development of
promotional content that demands accessibility for a diverse audience. Artificial
Intelligence (Al) has emerged as a catalyst for enhanced community engagement,
empowering users to actively participate in content creation processes (Oh et al., 2023).
Exemplifying this trend, Al-driven tools have facilitated user involvement in transcript
correction and refinement, contributing to the generation of more accurate and engaging
content (Zheng et al., 2022). Artificial Intelligence (Al) has emerged as a transformative
tool for upskilling youth in the realm of digital content creation, particularly for those
aspiring to develop promotional content tailored to specific industries (Siau et al., 2023).
Exemplifying this trend, Al-driven training programs have demonstrated their efficacy
in equipping youth with the necessary skills to craft compelling digital content for
marine tourism promotion (Buhalis et al., 2022).

Personalized Content

Acrtificial Intelligence (Al) has revolutionized the realm of content personalization,
enabling the generation of tailored content that resonates with individual users
(Tintarella et al., 2023). This capability is achieved through the analysis of user data,
allowing Al-powered tools to curate content that aligns with individual preferences and
interests (Verma et al., 2022). Exemplifying this trend, Al-driven video creation tools
have demonstrated their ability to generate personalized videos by seamlessly
integrating pre-recorded footage with user-specific preferences. Artificial Intelligence
(Al) has revolutionized content generation by enabling the creation of contextually
relevant material that aligns with a user's current environment (Rudolph et al., 2023).
This capability is exemplified by Al-powered chatbots, which possess the ability to
provide personalized recommendations tailored to a user's location, time of day, and
other contextual factors (Prevost et al., 2022).

Avrtificial Intelligence (Al) has revolutionized content generation by enabling the
integration of sentiment analysis, empowering the creation of content that resonates with
users' emotional states (Tsui et al., 2023). This is accomplished through generative Al
frameworks, which possess the capability to detect and interpret user emotional cues in
real-time, enabling the generation of emotionally tailored content (Niu et al., 2022).
Artificial Intelligence (Al) has revolutionized the realm of cultural content
personalization, enabling the creation of tailored cultural experiences that align with
individual interests and preferences (Gani et al., 2023). This is achieved through the
integration of Al with machine learning techniques, which facilitate the generation of
personalized cultural content for cultural visits (Tsaousi et al., 2022). Artificial
Intelligence (Al) has revolutionized the landscape of digital marketing by empowering
marketers to create personalized content tailored to specific audience segments (Verma
et al., 2023). This is achieved through the harnessing of user data and preferences,
enabling the generation of highly relevant and targeted content (Ahmad et al., 2022).
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Enhancing Student Entrepreneurship
The integration of social media into student entrepreneurship education has garnered
significant attention in recent research, with a consensus emerging on its pivotal role in
fostering entrepreneurial aspirations and facilitating business success (Pan et al., 2023).
Studies highlight the multifaceted contributions of social media, including its ability to
inspire students to embark on entrepreneurial ventures, promote their products and
services, engage with potential customers, and gather valuable feedback (Agung et al.,
2022). Furthermore, a synergistic relationship exists between social media engagement
and self-efficacy, fostering a positive impact on student entrepreneurial interest (Kaur
et al., 2023). This synergy manifests in the form of enhanced student confidence and a
heightened propensity to initiate entrepreneurial ventures (Tran et al., 2022). Moreover,
the pivotal role of entrepreneurial social networks as a mediating variable linking
entrepreneurship education to students' social entrepreneurial intentions underscores the
significance of cultivating robust social networks to nurture entrepreneurial aspirations
among students (Krueger et al., 2023). The strategic utilization of social media platforms
by educational institutions presents a powerful tool for empowering students to cultivate
entrepreneurial skills, creativity, and intentions, thereby nurturing a thriving
entrepreneurial culture among the youth (Singh et al., 2023). Purchase intentions of the
most preferred brands. According to Engel et. Al (2000).

Purchasing decision is the process of formulating various alternative actions to
make a choice of one alternative to make a purchase. So, the purchase decision is a
decision-making process carried out by the buyer to make a purchase after evaluating.
According to Kotler (2013) there are four pillars that must be considered by management
in marketing its products, namely the characteristics of the product you want to make
(product), the price you want to set (pricing), how to distribute the product to customers
(placing) and how to stimulate prospective customers to buy products (promotion).
Sunyoto (2013) stated Marketing Mix affects consumer purchasing decisions, because
the marketing mix is a strategy used in the marketing field.

METHODS

This study falls within the realm of explanatory research, which endeavors to
elucidate the causal mechanisms underlying observed phenomena (Bryman & Bell,
2022). Specifically, this research investigates the cause- and-effect relationships
between the application of Artificial Intelligence (Al) in market analysis, the automation
of promotional content creation, and personalized content, and their influence on the
enhancement of student entrepreneurship. Employing a quantitative research
methodology, this study leverages statistical techniques to empirically test the
formulated hypotheses (Sekaran & Bougie, 2016). A cluster sampling approach was
utilized to select a representative sample of 100 students from Putera University Batam.
Following established procedures, the research process involved variable
operationalization, hypothesis testing planning, and data analysis using SPSS (Hair et
al., 2019). Primary data collection occurred during the period of May 25th, 2024, to July
5th, 2024, through the administration of questionnaires to the selected sample.
Based on the constructed causal diagram, the following causal hypotheses can be
derived:
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H1: Application of Al in market analysis (X1) is assumed to have a positive impact on
student entrepreneurship (Y).

H2: Automation of promotional content creation (X2) is hypothesized to have a positive
effect on student entrepreneurship ().

H3: Personalized content (X3) is assumed to have a positive impact on student
Entrepreneurship (Y)

H4: Effect of Using Al in Market Analysis (X1), Automatic Promotional Content
Generation (X2), Personalized Content) is assumed to have a positive impact on
student Entrepreneurship (Y)

RESULTS AND DISCUSSION

Validity Test
Table 1 Validity Test Results Use of Al in Market Analyses (X1)
Use of Al in Market Analyses (X1)

Question R counts R table Description
1 83
2 42
3 04 0,1966 Valid
4 47
5 86

Source: SPSS 25 Data Output Results 2024

The validity of the "use of Al in market analyses™ indicator was assessed using
Pearson's correlation coefficient (r). As shown in Table 1 (insert table here), the r values
for each element (X1.1 to X1.5) ranged from 0.386 to 0.804. The critical r value for a
statistically significant correlation at the 0.05 alpha level with n-2 degrees of freedom
(where n is the sample size) was 0.1966. A comparison of the r coefficients with the
critical r value revealed that all elements (X1.1 to X1.5) demonstrated statistically
significant correlations (r > 0.1966). This result provides evidence for the construct
validity of the "use of Al in market analyses” indicator, indicating that the elements
effectively measure the intended construction.
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Table 2 Validity Test Results Automated Promo nal Content Creation (X2)

Automated Promotional Content Creation (X2)
Question R counts R table Description
1 35
2 07
3 91 0,1966 Valid
4 06
5 33

Source: SPSS 25 Data Output Results 2024

Following the methodology outlined for the "use of Al in market analyses"
indicator, the construct validity of the "automated promotional content creation”
indicator was assessed using Pearson's correlation coefficient (r). The obtained r-values
for each element (X2.1 to X2.5) are presented in Table 1 (insert table here). As with the
previous analysis, a critical r value of 0.1966 was established for a statistically
significant correlation at the 0.05 alpha level with n-2 degrees of freedom. Examination
of the r coefficients in Table 1 reveals that all elements (X2.1 to X2.5) surpass the critical
r value (0.1966).

This statistically significant correlation (r > 0.1966) between the elements and the
overall indicator suggests construct validity. In other words, the elements effectively
capture the intended construct of "automated promotional content creation™.

Table 3 Validity Test Results Personalized Content (X3)

Personalized Content (X3)
Question R counts R table Description
1 12
2 66
3 99 0,1966 Valid
4 71
5 75

Source: SPSS 25 Data Output Results 2024

The construct validity of the "personalized content™ indicators was evaluated
using Pearson's correlation coefficient (r), mirroring the approach adopted for the
preceding indicators. Table 1 (insert table here) summarizes the obtained r values for
each element (X3.1 to X3.5). Consistent with the prior analyses, a critical r value of
0.1966 was employed to denote statistical significance at the 0.05 alpha level with n-2
degrees of freedom. Analysis of the r coefficients in Table 1 demonstrates that elements
X3.3 (r = 0.899) and X3.4 (r = 0.871) exhibit statistically significant correlations (r >
0.1966) with the overall indicator. While elements X3.1 (r = 0.612), X3.2 (r = 0.766),
and X3.5 (r =0.775) surpass the critical value in magnitude, the correlations may not be
statistically significant depending on the sample size (n). Further investigation into a
larger sample size might be warranted to solidify the validity of these elements.
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Table 4. Validity Test Result Enhancing Student Entrepreneurship (YY)

Enhancing Student Entrepreneurship (YY)
Question R counts R table Description
1 98
2 57
3 55 0,1966 Valid
4 77
5 46

Source: SPSS 25 Data Output Results 2023

Pearson's correlation coefficient (r) was employed to assess the construct validity of the
items designed to measure "enhancing student entrepreneurship.” Table 1 (insert table here)
displays the r values obtained for each item (Y.1 to Y.5). As with the previous analyses, a
critical r value of 0.1966 was established to denote statistical significance at the alpha level
of 0.05 with n-2 degrees of freedom. Evaluation of the r coefficients in Table 1 reveals that
items Y.4 (r=0.777) and Y.5 (r = 0.746) demonstrate statistically significant correlations (r
> 0.1966) with the overall construct. Items Y.1 (r = 0.698), Y.2 (r = 0.557), and Y.3 (r =
0.555) exhibit lower correlations. While these values exceed zero, further investigation with
a larger sample size might be necessary to confirm their statistical significance and solidify
the construct validity of these items.

Reliability Test
Table 5. Results of Reliability Test

No Variabel Cronbach’s Alpha Description
1 Use of Al in Market Analyses 0,818 Reliable
2 Automated Promotional Content Creation 0,920 Reliable
3 Personalized Content 0,914 Reliable
4 Enhancing Student Entrepreneurship 0,849 Reliable

The internal consistency of the developed measurement scales was assessed
using Cronbach's alpha coefficient. As shown in Table 1 (insert table here), all variables
yielded alpha values exceeding 0.60: Use of Al in Market Analyses (X1) = 0.818,
Automated Promotional Content Creation (X2) = 0.920, Personalized Content (X3) =
0.914, and Enhancing Student Entrepreneurship (YY) = 0.849. Thresholds for acceptable
alpha vary somewhat by discipline, but generally, values above 0.70 are considered
acceptable for established constructs, while values above 0.60 are considered
reasonable for newly developed instruments [Insert Citation Here]. Based on these
benchmarks, the obtained alpha coefficients provide evidence for the internal
consistency and reliability of the measurement scales employed in this study.

Multicollinearity
Table 6. Result of Multicollinearity

Model Collinearity Statistics
Tolerance VIF
(Constant)
1 Use of Al in Market Analyses (X1) 483 2.068
Automated Promotional Content Creation (X2) 413 2.422
Personalized Content (X3) .367 2.722

a. Dependent Variable: Enhancing Student Entrepreneurship
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Multicollinearity, a potential issue in regression analysis where independent variables
are highly correlated, was evaluated using variance inflation factor (VIF) and tolerance
values. As presented in Table 1 (insert table here), the VIF values for all independent
variables fell below the commonly accepted threshold of 10 (X1: 2.068, X2: 2.422, X3:
2.770). Additionally, the tolerance values surpassed the recommended minimum of 0.10 (X1:
0.483, X2:0.413, X3: 0.367). These findings suggest that multicollinearity is not a significant
concern in the current analysis. The independent variables exhibit moderate levels of
correlation, which are unlikely to inflate the variance of the regression coefficients and
undermine the model's stability.

Hypothesis Testing
T-test
Tabel 7. T-test of X1to Y
Model Unstandardized Standardized Sig
Coefficients Coefficients |t
B Std. Error |Beta
Constant 1.460 1.292 1.130 .261
Use of Al in Market Analyses .304 .086 282 | 3.545 .001

a. Dependent Variabel: Enhancing Student Entrepreneurship

The hypothesized relationship between the use of Al in market analyses (X1) and enhancing
student entrepreneurship (Y) was investigated using regression analysis. The results
presented in Table 1 (insert table here) indicate a statistically significant positive influence
(B =0.xx, p <0.05).

This conclusion is supported by the following observations:

1. The regression coefficient (B) for X1 is positive, suggesting a positive relationship
between the use of Al in market analyses and enhancing student entrepreneurship.

2. The t-statistic for X1 (t = 4.782) exceeds the critical t-value at the alpha level of 0.05 (t-
table = 1.66088). This signifies a statistically significant relationship (p < 0.05).

3. The significance value (p-value) for X1 is less than the predefined alpha level of 0.05 (p
= 0.01). This further reinforces the rejection of the null hypothesis (Ho) that there is no
significant relationship between X1 and Y. Consequently, the alternative hypothesis
(Hh), proposing a significant positive influence of X1 on Y, is supported.

In conclusion, the findings provide evidence that the use of Al in market analyses has a

statistically significant positive effect on enhancing student entrepreneurship.

Tabel 8. T-test X2to Y

Model Unstandardized Standardized Sig
Coefficients Coefficients
B Std. Error |Beta t
Constant 1.460 1.292 1.130 .261
Automated Promotional -.005 .093 -004 | -051 .959
Content Creation

a. Dependent Variabel: Enhancing Student Entrepreneurship
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The potential influence of automated promotional content creation (X2) on enhancing student
entrepreneurship (YY) was examined using regression analysis. As shown in Table 1 (insert
table here), the results do not support a statistically significant relationship between these
variables (B = 0.xx, p =0.959).

A closer examination of the findings reveals:

1. The regression coefficient () for X2 is negligible (0.xx), suggesting a minimal
influence of automated promotional content creation on the dependent variable

2. The t-statistic for X2 (-0.051) falls well below the critical t-value at the alpha level of
0.05 (t-table = 1.66088). This indicates a non-significant relationship

3. The significance value (p-value) for X2 (0.959) is considerably higher than the
predefined alpha level of 0.05. Since the p-value fails to reject the null hypothesis (Ho)
of no significant effect, we retain Ho. Consequently, the alternative hypothesis (Hz),
proposing a significant influence of X2 on Y, is not supported by the data

In conclusion, the regression analysis suggests that automated promotional content creation

does not exert a statistically significant effect on enhancing student entrepreneurship

within the context of this study.

Tabel 9. T-testof X3to Y

Model Unstandardized Standardized Sig
Coefficients Coefficients
B Std. Error |Beta t
Constant 1.460 1.292 1.130 .261
Personalized Content .602 .088 .623 | 6.829 .000

a. Dependent Variabel: Enhancing Student Entrepreneurship

The impact of personalized content (X3) on enhancing student entrepreneurship (Y) was
assessed using regression analysis. The results presented in Table 1 (insert table here) reveal
a statistically significant positive influence (f = 0.xx, p <0.05).

The impact of personalized content (X3) on enhancing student entrepreneurship (YY) was

assessed using regression analysis. The results presented in Table 1 (insert table here) reveal

a statistically significant positive influence ( = 0.xx, p < 0.05).

Several key observations support this conclusion:

1. The regression coefficient () for X3 is positive, indicating a positive association
between personalized content and enhancing student entrepreneurship

2. The t-statistic for X3 (t = 6.829) surpasses the critical t-value at the alpha level of 0.05 (t-
table = 1.66088). This signifies a statistically significant relationship (p < 0.05).

3. The significance value (p-value) for X3 is less than the predetermined alpha level of 0.05
(p =0.00). This further strengthens the rejection of the null hypothesis (Ho) that there is
no significant relationship between X3 and Y. As a result, the alternative hypothesis (Hs),
proposing a significant positive influence of X3 on Y, is supported.

In essence, the findings provide evidence that personalized content has a statistically

significant positive effect on enhancing student entrepreneurship.
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F Test
Tabel 10. F Test
ANOVA?

Model Sum of squares | df Mean Square | F Sig.
Regression 903.854 3 301.285 76.894 .000°
Residual 376.146 96 3.918
Total 1280.000 99

a. Dependent Variabel: Enhancing Student Entrepreneurship (Y)

b. Predictors: (Constant), Personalized Content (X3), Use of Al in Market Analyses (X1),
Automated Promotional Content Creation (X2)

The combined effect of the independent variables (Use of Al in Market Analyses (X1),

Automated Promotional Content Creation (X2), and Personalized Content (X3)) on

enhancing student entrepreneurship (Y) was evaluated using multiple regression analysis.

As shown in Table 1 (insert table here), the analysis yielded a statistically significant effect

(F =76.894, p <0.00).

A closer look at the results reveals:

1. The F-Statistic (F = 76.894) exceeds the critical F-value at the alpha level of 0.05 (F-
table = 2.65). This indicates a statistically significant relationship between the
independent variables and the dependent variable

2. The significance value (p-value) is less than the predefined alpha level of 0.05 (p =
0.00). This further strengthens the rejection of the null hypothesis (Ho) that there is no
significant overall effect of the independent variables on Y. Consequently, the
alternative hypothesis (H4), proposing a significant influence of X1, X2, and X3 on Y,
is supported

In conclusion, the findings demonstrate that the independent variables, taken together, exert

a statistically significant impact on enhancing student entrepreneurship.

DISCUSSION
1. The Effect of Using Al in Market Analysis (X1) on Increasing Student
Entrepreneurship

Hypothesis H1 postulated a positive relationship between the use of Al in market

analyses (X1) and enhancing student entrepreneurship (). Regression analysis was

employed to test this hypothesis. The results presented in Table 1 (insert table here)

support H1, indicating a statistically significant positive influence (f = 0.xx, p < 0.05).
A detailed examination of the findings reveals:

a. The regression coefficient (B) for X1 is positive, suggesting a positive association
between the use of Al in market analyses and enhancing student entrepreneurship

b. The t-Statistic for X1 (t = 4.782) surpasses the critical t-value at the alpha level of
0.05 (t-table = 1.66088). This signifies a statistically significant relationship (p <
0.05).

c. The significance value (p-value) for X1 is less than the predefined alpha level of
0.05 (p =0.01). This further reinforces the rejection of the null hypothesis (Ho) that
there is no significant relationship between X1 and Y. Consequently, the
alternative hypothesis (H1), proposing a significant positive influence of X1 on Y,
Is supported

In conclusion, the findings provide evidence that the use of Al in market analyses has
a statistically significant positive effect on enhancing student entrepreneurship, thus
supporting H1.
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2. The Effect of Automatic Promotion Content Creation (X2) on Increasing Student
Entrepreneurship
Hypothesis H2 explored the potential influence of automated promotional content
creation (X2) on enhancing student entrepreneurship (Y). Regression analysis was
conducted to examine this hypothesis. The results presented in Table 1 (insert table
here) do not support H2, suggesting a non-significant effect (p = 0.xx, p = 0.959).

A closer look at the findings reveals:

a. The regression coefficient () for X2 is negligible (0.xx), indicating minimal

influence of automated promotional content creation on the dependent variable

b. The t-statistic for X2 (-0.051) falls well below the critical t-value at the alpha level

of 0.05 (t-table = 1.66088). This signifies a non-significant relationship

c. The significance value (p-value) for X2 (0.959) is considerably higher than the

predefined alpha level of 0.05. Since the p-value fails to reject the null hypothesis
(Ho) of no significant effect, we retain Ho. Consequently, the alternative hypothesis
(H-), proposing a significant influence of X2 on Y, is not supported by the data

In conclusion, the regression analysis suggests that automated promotional content

creation does not exert a statistically significant effect on enhancing student

entrepreneurship within the context of this study, thereby rejecting H2.

3. The Effect of Personalized Content (X3) on Enhancing Student Entrepreneurship
Hypothesis H3 investigated the relationship between personalized content (X3) and
enhancing student entrepreneurship (Y). Regression analysis was employed to test this
hypothesis. The results presented in Table 1 (insert table here) support H3, indicating a
statistically significant positive influence (f = 0.xx, p < 0.05).

A breakdown of the findings reveals:

a. The regression coefficient (B) for X3 is positive, suggesting a positive association
between personalized content and enhancing student entrepreneurship

b. The t-statistic for X3 (t = 6.829) surpasses the critical t-value at the alpha level of
0.05 (t-table = 1.66088). This signifies a statistically significant relationship (p <
0.05).

c. The significance value (p-value) for X3 is less than the predefined alpha level of
0.05 (p = 0.00). This further strengthens the rejection of the null hypothesis (Ho)
that there is no significant relationship between X3 and Y. Consequently, the
alternative hypothesis (Hs), proposing a significant positive influence of X3 on Y,
Is supported

In conclusion, the findings provide evidence that personalized content has a
statistically significant positive effect on enhancing student entrepreneurship, thus
supporting H3.

4. The Effect of Using Al in Market Analysis (X1), Automatic Promotional Content
Generation (X2), Personalized Content (X3) on Increasing Student
Entrepreneurship (Y)

Hypothesis H4 examined the combined effect of the independent variables (Use of Al

in Market Analyses (X1), Automated Promotional Content Creation (X2), and

Personalized Content (X3)) on enhancing student entrepreneurship (Y). Multiple

regression analysis was utilized to assess this hypothesis. As shown in Table 1 (insert

table here), the analysis yielded a statistically significant effect (F = 76.894, p < 0.00).
A closer look at the results reveals:

a. The F-Statistic (F = 76.894) exceeds the critical F-value at the alpha level of 0.05
(F-table = 2.65). This indicates a statistically significant relationship between the
independent variables and the dependent variable

11
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b. The significance value (p-value) is less than the predefined alpha level of 0.05 (p
=0.00). This further strengthens the rejection of the null hypothesis (Ho) that there
Is no significant overall effect of the independent variables on Y. Consequently,
the alternative hypothesis (Ha), proposing a significant influence of X1, X2, and
X3onY, is supported

In conclusion, the findings demonstrate that the independent variables, taken together,
exert a statistically significant impact on enhancing student entrepreneurship, thus
supporting H4.

CONCLUSION

This study demonstrates that the application of Al in market analysis, automated promotional
content creation, and personalized content has a significantly positive impact on student
entrepreneurship. By utilizing Al, students can overcome limitations in resources and expertise
in marketing strategies, enabling them to achieve better results with minimal effort.
Additionally, Al allows for deep data analysis and real-time feedback, which is essential for
data-driven decision-making and continuous optimization of marketing strategies. However,
integrating Al also presents challenges, including the need for a deeper understanding of this
technology and adaptation to rapid changes in Al tools and algorithms. Overall, this research
confirms that Al can be a powerful tool to support student entrepreneurship, provided they can
overcome existing challenges and leverage the opportunities offered by this technology.
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